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SODAS: Copenhagen Center for Social Data Science
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19.7 million from VILLUM FONDEN
SODAS-project to study social networks by using data
from mobile payment transactions Q

SODAS is an interdisciplinary social science centre located at the Faculty of Social Sciences, University of
Copenhagen. Combining classic social science theories and methods with state of the art data science techniques,
SODAS aspires to do cutting-edge and creative interdisciplinary research, teaching and impact in the crossroads
between the social sciences and data science.

Read more about SODAS.

New degree in Social Data Science

SODAS has launched a new MSc programme in Social Data Science and it started in Fall 2020. Students specialise in
the integrated field between social sciences and data science. Read more about the programme and admission.
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UNIVERSITY OF COPENHAGEN

It all started with 7500 Dollars in seed money

“Our aim is to establish an interdisciplinary research
Center for Computational Social Science at the Faculty of
Social Science putting new technological developments

to use across the social sciences” (2011)

Anthropology

Sociology

W CCCSsS
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Baggrund: The Copenhagen Network Study

e Map out the complete network (including face-to-face,
telecommunication, email, chat, and online social networks).

e Entire freshman class at DTU (N > 1000)
e Smart phones running software for data collection.

e Cross-disciplinary approach, including ethnography

number of bits per user

number of users
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Fundamental structures of dynamic social  *
networks

Vedran Sekara, Arkadiusz Stopczynski, and Sune Lehmann

PNAS September 6, 2016 113 (36) 9977-9982; first published August 23, 2016 https:/doi.org/10.1073/pnas. 1602803113
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Significance

We study the dynamic network of real world person-to-person
interactions between approximately 1,000 individuals with
5-min resolution across several months. There is currently no
coherent theoretical framework for summarizing the tens of
thousands of interactions per day in this complex network, but
here we show that at the right temporal resolution, social
groups can be identified directly. We outline and validate a
framework that enables us to study the statistical properties of
individual social events as well as series of meetings across
weeks and months. Representing the dynamic network as se-
quences of such meetings reduces the complexity of the system
dramatically. We illustrate the usefulness of the framework by
investigating the predictability of human social activity.

Fig. 1. Properties of gatherings. (A) The sodal net-
work at different timescales. The network formed by
face-to-face meetings within 1-d (green), 60-min (or-
ange), and 5-min (blue) temporal aggregation. In the
5-min time slices, groups are directly observable with-
out much ambiguity, but the overlap between groups
increases as time is aggregated aaoss bins. (B) lllustra-
tion of gathering dynamics. Gatherings evolve gradu-
ally with members flowing in and out of social contexts.
(C) Extracting cores from participation profiles. Dark-
gray bars denote nodes with participation levels
above the maximal gap. Ordered participation profile
for empirical data (Left), as a null model we use par-
ticipation profiles generated from a uniform random
distribution (Right).
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Stitching together the heterogeneous party: A complementary social data
science experiment
Anders Blok, Hjaimar B Carisen, Tobias B Jergensen(l), more... Show all authers

First Published November 6, 2017 = Research Article M) Check for updates.

Download PDF 'ﬂ Article information v [Atmetric 5 6

Abstract

The era of ‘big data’ studies and computational social science has recently given rise to a number
of realignments within and beyond the social sciences, where otherwise distinct data formats —
digital, numerical, ethnographic, visual, etc. — rub off and emerge from one another in new ways.
This article chronicles the collaboration between a team of anthropolegists and saciologists, who
worked together for one week in an experimental attempt to combine 'big’ transactional and
‘small’ ethnographic data formats. Our caollaboration is part of a larger cross-disciplinary project
carried out at the Danish Technical University (DTU), where high-resolution transactional data
from smartphones allows for recordings of social networks amongst a freshman class (N = 800).
With a parallel deployment of ethnographic fieldwork among the DTU students, this research set-
up raises a number of questions concerning how to assemble disparate "data-worlds’ and to what

epistemological and political effects? To address these questions, a specific social event — a lively . . .
student party — was singled out from the broader DTU dataset. Qur experimental collaboration Blg data — Antr0p010gcr kombinerer blg data 0g feltnoter for at kortla:gge den gOdC

used recordings of Bluetooth signals between students’ phones to visualize the ebb and flow of fCSt. I fremtiden hiber dC pa at kunne teste klassiske tCOI‘iCI' inden fOI'
social intensities at the DTU party, juxtaposing these with ethnographic field-notes on shifting & S
party atmospheres. Tracing and reflecting on the process of combining heterogeneous data, the SamﬁlndSVIdCHSkaben Ved h_]Elp af IIlCtOdCl’l.

article offers a concrete case of how a ‘stitching together’ of digital and ethnographic data-worlds
might take place.

Keywords

Big social data, ethnography, data-worlds, experiment, complementarity, party sociality
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A POLITICALATTENTION EXPERIMENT

A social data science study of the dynamics
of attention during a major political - or
indeed a critical epidemic - event

* “Extended case study” 2.0

* Open-ended pilot

* Hypothesis-testing/intervention e . _
“Social Fabric” / "Sensible DTU"”

* Social media data ¢ M B SRR SR (R T
= Entire freshman class at DTU (A > 1000)
= Smart phones running software for data collection.
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. « Cross-disciplinary approach, including ethnography
Ethnographic data
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Videnskab.dk Forskerzonen Sperg Podcast Tjek / YouTube Manifest

Videnskaben

Videnskab-dk

Danmarks ferende videnskabsmedie Temaer  For skoler Nyhedsbreve  Center for Faglig Formidling Om Videnskab.dk

Nyheder COVID-19 Red Verden Krop & Sundhed Kultur & Samfund Naturvidenskab Teknologi & Innovation

Corona-debatten pa Twitter
har taget en kraftig drejning
efter nedlukningen af
Danmark — men hvorfor?

For landet blev lukket ned, var Twitter praeget af corona-frygt,
men nu har den kritiske samtale tacet over viger nv iindersaaelse

Ideer s=kTionzR —

Q

Coronaliv. P4 et kebenhavnsk kollegie har coronanedlukningen ikke fert til ensomhed, men til et
steerkere band til de nesrmeste. Ny antropologisk undersegelse viser positive aspekter ved

krisen.
> LYT TIL ARTIKLEN
KARE HOLM a coronakrizen lukkede Danmark ned og tvang folk til at holde afstand fra
THOMSEN hinanden, forte det til ensomhed og socialt afsavn. Sadan har meldingen
lydt fra bade forskere og interesseorganisationer de seneste maneder.

Alzheimerforeningen og /Eldre Sagen har sagt. at deres medlemmer har folt sig
ensomme i krisen, og ogsa de unge er psykisk maerket, lyder det: Dansk
Magisterforening fremhsever for eksempel, at andelen af de studerende pa landets

universiteter, som foler sig ensomme pa deres studier, er steget.

Men maske er frygten for ensomheden og dens konsekvenser overdrevet. I et nyt
antropologisk studie har forskere fulgt en gruppe unge tact under coronanedlukningen,
og deres observationer viser, at de unge var overraskende gode til at tilpasse sig den nye
virkelighed.

»De unge, vi har undersegt, rapporterer ikke udtalte grader af socialt afsavn,« siger
antropolog Kristoffer Albris, adjunkt pa Institut for Antropologi og Copenhagen Center
for Social Data Science ved Kobenhavns Universitet, der er en af forskerne bag studiet.

COVID-19 projects

List of ongoing research projects with relation to the
COVID-19 cricis with SODAS people as Pl or partners.

COVID-19 Snapshot
MOnitoring in
Denmark (COSMO

Denmark)
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HOPE - How
Democracies Cope
with Covid19: A Data-
Driven Approach

The Dynamics of
Political Discourse and
Attention during the
COVID-19 outbreak

Tetrrgry,

Cross-national
dynamics of risk
related attitudes on
social media during
the COVID-19 coutbreak

Solidarity and
Volounteering in the
Corona Crisis

-, | -

What do the Danes
think, know and mean
about the Corona
Epidemic?



Changing labour market/demand for new skills

NY UDDANNELSE PA SAMF
Kandidat i social datavid q;kw

JOB-TREND
Arbejdsgiverne efterspargsel pa folk der kan kombinere
samfundsvidenskab og datavidenskab, stiger stat, viser analyse fra forskerne pa SODAS

Could a Computational Social Scientist be
Your Next Best Hire?

Social Scientists are experts are using data to find insights on behavior and relationships between
groups of people.



Study at UCPH | Research = News

Collaboration = Employment = About UCPH

Master's programmes
Guide to studies and admission

Search...

All N

@ MSc in Social Data Science

) Admission requirements
) Application procedure

) Profile and career

) Programme structure

) Meet the teachers

) Student life

Y FAQ

) Contact

Related Information

) Master's Programmes

11-03-2021

Master of Science (MSc) in Social Data Science

New types of data, in particular digital data, are flooding individual lives,
organisations and societies all over the world. The broad catchphrase for
the analysis of such digital traces is ‘data science’. In our master's degree
programme, we integrate the analysis of such large-scale and
unstructured data - ‘big data’ - with social scientific modes of enquiry.
We call this integration social data science (SDS).

The master’s degree programme combines state-of-the-art data science
techniques, including machine learning, predictive analytics and natural
language processing with core sociological, economic, anthropological,

PROFILE AND CAREER

PROGRAMME STRUCTURE

ADMISSION REQUIREMENTS

Related Programmes

e Anthropology

e Computer Science
e Economics

® Global Development
e |T and Cognition

e Political Science

o Psvcholosv (in Danish)

11



QUALITATIVE METHODS ..
Participant

observation

Interviews
and focus
groups

Discourse
analysis

QUANTITATIVE

Text mining METHODS

and NLP Person
Shadowing

Social media
scraping and
link analysis

Topic
modelling,
Cluster

analysis Sensor and
phone data

QUALI-QUANTITATIVE
METHODS



Do..

1. Design a shared ‘machine”/experiment in the middle
2. Foster a culture of permitted failure and psych. safety
3. Facilitate intense collaborative moments (data-sprints)
4. Secure a physical space for core team and events

5. Support outreach (key platform for interdisciplinarity)



Don’t..

1. Submit to a Jane Austen fantasy of romantic love

2. Impose a single methodology/theory/data-standard
3. Only go for top journals and reproduce hierarchies

4. Accept ‘innocent’ jokes about minor sciences/juniors

5. Assume that you can remain faithful to your discipline



How to start a new degree?

Background: start to teach courses
e Seminar in machine learning and network science (2013)

» “Social Data Science” course (2015)
- Data science / machine learning for social science (e.g. poli. sci, sociology)
- Grew from ~50 enrolled in 2017 to ~220 in 2020!

Higher ambitions
» advanced courses (2017 approval, start 2018)
» degree program



Social Data Science — the journey

SDS study pre-
First Intro SDS approved

Interest over time

N |:||te

<2?

11-03-2021
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Great artists steal ..

Approval of study in 2018/19.

- Top UK universities quick to follow suit:

www.ox.ac. uk » graduate » courses » Oversat denne side

MSc in Social Data Science | University of Oxford

About the courseThe multidisciplinary MSc in Social Data Science provides the social and
technical expertise needed to analyse .. 12:00 midday UK time on:.

www.essex.ac uk » courses » msc-so  Oversat denne side

MSc Social Data Science - University of Essex

CSEE is one of the largest and best resourced computer science and electronic engineering
schools in the UK. Our work is supported by extensive networked ..

www.lse.ac uk » Graduate » MSc-A .« Oversast denne side

MSc Applied Social Data Science

1) Take a note of the UK qualifications we require for your programme of interest (found in the
'Entry requirements' section of this page. - 2) Go to the International ..

WWw.sussex.ac.uk » masters » courses - Oversat denne side

Human and Social Data Science MSc : University of Sussex

Enhance your expertise and delve into a specialism on a course at a highly ranked UK
university with a research focus.

www.exeterac.uk > courses » politics » Oversast denne side

Applied Social Data Science MSc | Postgraduate taught ...

5th in the UK for world-leading and internationally excellent research __ individuals trained in
both evidence-based decision-making and social data science.



Challenges in opening program

* Accepted study program was “rough design”
- Scaling from few courses to degree program
- Each scholar with own vision of “optimal program”

* Procedure: Put experts of their fields together in meetings:

e Shared vision of what field consists of:
* E.g. 20% qualitative/explorative

* Leverage “wisdom of the crowd” and find consensus 'F.i
. . | 8.8 hti" i ’«%;’Qr
* Collective refinement helped ensure '%’ﬁi R AN
* Skill progression was feasible L '- i Ein-f‘z?:“":.”;‘[\
* Most relevant skills are taught [R -gn'\ ﬂ'é ﬂ'n g L‘xi%g"vﬁ
* E.g. machine learning/statistics without linear algebra - o e Ry 'WY *
ot



Program content

The master’s programme in Social Data Science
(120 ECTS)

Block 1

Block 2

Semester 1
(Autumn, year 1)

Social Data Science Base Camp
(15 ECTS)

Elementary Social Data Science Social Data Analysis
(7.5 ECTS) (7.5 ECTS)
Block 3 Block 4
Semester 2 Advanced Data Governance: Advanced Social Digital Methods
(Spring, year 1) Social Data Law, Ethics, and Data Science II (7.5 ECTS)
Science I Politics (7.5 ECTS)
(7.5 ECTS) (7.5 ECTS)

Semester 3 Elective courses and mobility window
(Autumn, year 2) (30 ECTS)

Semester 4 Master’s Thesis
(Spring, vear 2) (30 ECTS)




Program content

Introduction to
Programming in Python

The master’s programme’in Social Data Science
ECTS)

Block 1

Block 2

Semester 1
(Autumn, year 1)

4Sacial Data Science Base Camp

ECTS)

Elementary Social Data Science Social Data Analysis
(7.5 ECTS) (7.5 ECTS)
Block 3 Block 4
Semester 2 Advanced Data Governance: Advanced Social Digital Methods
(Spring, year 1) Social Data Law, Ethics, and Data Science II (7.5 ECTS)
Science I Politics (7.5 ECTS)
(7.5 ECTS) (7.5 ECTS)

Semester 3 Elective courses and mobility window
(Autumn, year 2) (30 ECTS)

Semester 4 Master’s Thesis
(Spring, vear 2) (30 ECTS)




Program content

The master’s programme in Social Data Science

Data collection:

. —
scraping, survey,

experiments,
combination
with ethnographic

(120 ECTS)

Block 1

Block 2

Semester 1
(Autumn, year 1)

Socia

ta Science Base Camp
5 ECTS)

| _»\ Elementary Social Data Science Social Data Analysis
/ (7.5 ECTS) (7.5 ECTS)
Blocksi— Block 4
Semester 2 Advanced Data Governance: Advanced Social Digital Methods
(Spring, year 1) Social Data Law, Ethics, and Data Science II (7.5 ECTS)
Science I Politics (7.5 ECTS)
(7.5 ECTS) (7.5 ECTS)

Semester 3
(Autumn, year 2)

Elective courses and mobility window

(30 ECTS)

Semester 4

(Spring, vear 2)

Master’s Thesis

(30 ECTS)




Program content

The master’s programme in Social Data Science

(120 ECTS)

Block 1

ac

Semester 1
(Autumn, year 1)

Social Data SciepCe Base Camp

\
/

(Autumn, year 2)

(30 ECTS)

Elementary Social Data Science Social Data Analysis
(7.5 ECTS)
Block 3 Block 4
~
Semester 2 / Advanced Y\ Data Governance: dvanced Socia Digital Methods
(Spring, year 1) Social Data Law, Ethics, and Data Science II (7.5 ECTS)
Science I Politics (7.5 ECTS)
(7.5 ECTS) , (7.5 ECTS)
Semester 3 Elective courses and I’M(ﬂv

Semester 4

(Spring, vear 2)

Master’s Thesis
(30 ECTS)

Quantitative methods:

asic statistics, supervised/
unsupervised machine learning,
guasi-experimental methods,
network analysis



Program content

The master’s programme in Social Data Science
(120 ECTS)

Block 1

Block 2

Semester 1
(Autumn, year 1)

Social Data Science Base Camp
(15 ECTS)

N

I

Elementary Social Data Science

Social Data Analysis

(7.5 ECTS) (7.5 ECTS)
Block 3 Block 4
Semester 2 Advanced Data Governance: Advanced Social Digital Methods
(Spring, year 1) Social Data Law, Ethics, and Data Science II (7.5 ECTS)
Science I Politics (7.5 ECTS)
(7.5 ECTS) (7.5 ECTS)

Semester 3 Elective courses and mobility window
(Autumn, year 2) (30 ECTS)

Semester 4 Master’s Thesis
(Spring, vear 2) (30 ECTS)

Core theory: behavior,
networks and ideas



Program content

The master’s programme in Social Data Science
(120 ECTS)

Block 1

Block 2

Semester 1
(Autumn, year 1)

Social Data Science Base Camp
(15 ECTS)

Elementary Social Data Science Social Data Analysis
(7.5 ECTS) (7.5 ECTS)
Blo \ Block 4
Semester 2 Advanced Data Governance: Advanced Social Digital Methods
(Spring, year 1) Social Data Law, Ethics, and Data Science II (7.5 ECTS)
Science I Politics (7.5 ECTS)
(7.5 ECTS) 7.5 ECTS

Semester 3 Elective courses and mobility window
(Autumn, year 2) (30 ECTS)

Semester 4 Master’s Thesis
(Spring, vear 2) (30 ECTS)




Program content

The master’s programme in Social Data Science
(120 ECTS)

Block 1

Block 2

Semester 1
(Autumn, year 1)

Social Data Science Base Camp
(15 ECTS)

Elementary Social Data Science Social Data Analysis

(7.5 ECTS) (7.5 ECTS)
Block 3 Block
- . . . ‘_/_
Semester 2 Advanced Data Governance: Advanced Social Digital Methods
(Spring, year 1) Social Data Law, Ethics, and Data Science II (7.5 ECTS)
Science I Politics (7.5 ECTS)
(7.5 ECTS) (7.5 ECTS)

Semester 3 Elective courses and mobility window
(Autumn, year 2) (30 ECTS)

Semester 4 Master’s Thesis
(Spring, vear 2) (30 ECTS)

Integrating “quantitative
and qualitative” analysis



Program content

The master’s programme in Social Data Science
(120 ECTS)

Block 1

Block 2

Semester 1
(Autumn, year 1)

Social Data Science Base Camp
(15 ECTS)

(Autumn, year 2)

Elective courses and mobility window
(30 ECTS)

Elementary Social Data Science Social Data Analysis
(7.5 ECTS) (7.5 ECTS)
Block 3 Block 4
Semester 2 Advanced Data Governance: Advanced Social Digital Methods
(Spring, year 1) Social Data Law, Ethics, and Data Science II (7.5 ECTS)
Science I Politics (7.5 ECTS)

(7.5 ECTS) (7.5 ECTS)

Semester 3 «-—

 Electives, internship, data-collection,
Exchange program

Semester 4
(Spring, vear 2)

Master’s Thesis
(30 ECTS)




Challenges in interdisciplinary program

* Differences in background skills
* Frustration with teaching level
* Some due to difficulty, others from boredom

* Focus on students without previous quant skills
* Communication: encouragement, extra tutoring
* Leverage strong group work to learn

* Focus on students with previous quant skills
* Communication: remind improved learning etc.
* Open ended exam projects, bonus exercises
* Potential electives for basic courses?



A Rosetta Stone for students

* How to bring people from different backgrounds together?
* Problem: divide between “what is knowledge”

: i .

e Introduction week A

* Mix into different groups ' | 1 ' ' ‘

» Share experiences of working with qualitative and quantitative data

e E.g. field work in supermarkets — interview and observation



